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The Top 10 Most Valuable Brands 2022

THE WORLD'S TOP 10 MOST VALUABLE BRANDS 2022

£ 2 £ Je

= 4@

= 5' K=

amazon GOOQ'Q B Microsoft ~ Walmart > <

$350.3bn $263.4bn $184.2bn $111.9bn
7« £ 8¢ @ 9+ @ 10: £
X facebook IcBC @& §Vé verizon’

HUAWEI
$107.3bn $101.2bn $75.1bn $71.2bn $69.6bn

poa

Brand Finance g5 Source: Brand Finance Global 500 2022 brandirectory.com/global



The Top 10 Most Valuable Brands 2023

THE WORLD'S TOP 10 MOST VALUABLE BRANDS 2023
1+

$299.3bn $297.5bn $281.4bn $191.6bn $113.8bn
6¢e o 71t @ 8* £ 9+ £ 10+ @
snmsung  ICBC &) verizon’ ' d* TikTok

TESLA
$99.7bn $69.5bn $67.4bn $66.2bn $65.7bn

Brand Finance %’5 Source: Brand Finance Global 500 2023 brandirectory.com/global




THE TOP 100

Most Valuable Brands

How is a brand’s value determined?

We've visualized the most valuable brands for 2023,

based on Brand Finance's annual Global 500 ranking. o
€8x A= W
Retail (1
Sl E Brand Revenues  Brand Strength Brand Value
@ Tech & Services (16) U.S. companies make up Includes brand Brand investment,
_ half of the top 100 ranking. royalties brand equity, and
@ Media (9) brand performance

6 Banking & Insurance (20)
9 Telecoms (8)

@ Automobiles (10)
9 Energy & Utilities (14)
@ Food &Beverages (6)

Global rank

Circle size based
COMPANY )_ onBrand Value

JUNTRY Market of origin
$ Brand Value

Healthcare
Services (3)

=

Amazon's strong position
inboth B2C and B2B
sectors contribute toits
enormous brand value.

Samsung is Googleranked firstoverall ~ Deutsche Telekom
Asia's most inBrand Strengthbasedon  is now Europe's
[ valuable brand. Brand Finance's analysis. most valuable brand.

. WeChat, China's S.

S, super app, is the g o)
@ fourth most valuable )
ICBC media brand globally.

China

- nv
X sos = itte. $35.48
FARGO s L

4.58 .

3305 PMorgan $34.18B, m -
® <@ =
0.3B, /\ $31.88 [ Lowe | $31.98

nlt
VISA citi o\ X o 3678 xﬁ Yy
$29.48 $30.68, $31.38, w ﬂ $29.68 szus

67

orea

68
A A\ $28.98
J )
\2;‘% e 1| w w Sheoct $26.48 >
$27.18
75 Specirums
U.S.
52628 . 3.38
Uber -
Sin neu. . mtel %
2“7_"“ . 87 25 98, SIEMENS
"’ ‘Q $21.48
Towen
21.68
$21.38,

97
e
Con

o ) (%) 19.88
TD is Canada's only el w 5
19.18,

company in the top 100.

@ ‘CIIASPUI #k LIST @ @ Ivisualcapitalist @ @ @visualcap ® visualcapitalist.com

Source: Brand Finance

"affordable luxuries" in 2023. v

COLLABORATORS RESEARCH + WRITING Dorothy Neufeld, Nick Routley | ART DIRECTION +DESIGN Joyce Ma

THE TOP 100 MOST

Valuable Brands 2024

Below, we show the world’s most valuable brands based How is a brand’s value determined?

on Brand Finance’s Global 500 ranking in 2024.
X —
©) Tech&services(17) €) Telecoms (9) ) Food & Beverages 8)

9 Media (9) e Banking & Insurance (14) 6 Automobiles (10) Brand Revenues  Brand Strength Brand Value
Includes brand Brand investment,
Q Retail (17) @ Energy & Utilities (12) e Healthcare Services (4)  royalties brand equity, and
brand performance

Global rank

Circle size based
on Brand Value

]

The top brands in the U.S. are worth

COUNTR iqi
acombined $3.2T in value, followed Nickon: > 36;7; glg:l;?‘td o\f/ :I?xgm
by China at $829.9B, and Germany o~ ' oo
at $347.1B. 37 \ $35.5B © 2

70
QW
ofin @Y ®
'// CHASE o = Japan

T
28 " $3738 2 s35.88
Allianz @ @ §Rikts

Germany HANK OF CHINA

@ rmxemi Crranms

P S China
n $65.6B

snmsuuy
- S.Korea d ‘
' = China
8 4.2B
Germany E@ } *
$25.2B ’ Tence:
u.sS.
B

e A facebook }?,’2::3 N\
[, | nvnmA‘ $ 51 6 6 B 352% g\gm

6
$48.4B
Walmart < Y

US. [ Toues]
$96-8B sz%.son
ko
$2698

US.

$308.9B

Starbucks is the most
valuable food and beverage
brand worldwide. Despite

inflationary pressures, consumer X
demand remained strong for $35.08

[l

N

Amazon's brand contributes to
19.0% of its total market value,
including debt.

Source: Brand Finance

@ X IASPUI #k LIST @ @ Mvisualcapitalist ® @visualcap @ visualcapitalist.com

COLLABORATORS RESEARCH + WRITING Dorothy Neufeld | ART DIRECTION + DESIGN Sabrina Lam




“Software is
eating the world.”

Marc Andreessen

Forbes

NOV 30,2011 @ 01:58 PM 50,625 VIEWS

Now Every Company Is A Software Company
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ALAN TURING
1912 -1954

Founder of computer science
and cryptographer, whose work
was key to breaking the
~wartime Enigma codes,

" lived and died here.

2ts AFE O|EX 24

Universal Turing Machine
1936

£ : http://www.felienne.com/archives/2974

ON COMPUTABLE NUMBERS, WITH AN APPLICATION TO )
THE ENTSCHEIDUNGSPROBLEM \

By A. M. Turixc.

[Received 28 May, 1036.—~Rend 12 November, 1936.]
R — ————g


http://www.felienne.com/archives/2974
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Human-Computer Symbiosis



As We May Think
Atlantic
july 1945

Memex (Memory Extender)
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ALAN TURING
1912 -1954

Founder of computer science
and cryptographer, whose work
was key to breaking the
_wartime Enigma codes,

_ lived and died here.

ACADEMY AWARD NOMINATION

" ]
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IMITA;:TI’ON GAME

“BEST FILM OF THE YEAR”




The Turing Test
The Imitation Game

Computing Machinery and Intelligence
Mind (1950)






The Chinese Room Argument
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E = mc

Inductive in_image TR (D : T -> Type) (F : T -> R) (a : R) :=
InImage (x : T) OcinD : D x) Ca_is_fx : equal R a (f x)).

Inductive finite_of _order T (D : T => Type) (n : natural) :=
Finite0fOrder nk : T -> natural)
Crank_injective : injective_in T natural D rank)
(rank_onto :

forall i, equivalent (less_than i n) (in_image T natural D rank i)).
(* Elementary group theory *)

Inductive group_axioms T (mul : T -> T =>T) (one : TX (inv : T => T) :=
GroupAxioms
(associativity : forall x y z, equal T (mul x (mul y z)) Cmul (mul x y) z3)
(left_identity : forall x, equal T (mul one x) x)
(left_inverse : forall x, equal T (mul (inv x) x) ona).

Inductive group T mul one inv (G : T -> Type) :=
Group
(G_closed_under_mul : forall xy, G x = Gy > G (mul x y))
(one_in_G : G one)
(G_closed_under_inv : forall x, G x - G (inv x)).

Inductive subgroup T rul one inv (H G @ T -> Type) :=
Subgroup
(H_group : group T mul one inv H)
(H_subset_G : forall x, H x -> G x).

Inductive normal_subgroup T mul one inv (H G : T => Type) :=
NormalSubgroup
(H_subgroup_& : subgroup T mul one inv H @)
(H_is_G invariant : forall x v, Hx -> Gy -> H (mul Cinv y) (mul x y))).

Inductive commute_mod Tmul QGcy : T) (H : T -> Type) :=
CommuteMod (z : T)
(z_in_H : Hz)
(xy_eq zyx : equal T (mul x ¥) (mul z (mul y x))).

ive abelian_factor T mul one inv (GH : T -> Type) :=

: group T mul one inv G)
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Deduction Abduction Induction

A= B A A= B B A= B
B A by observation
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1956 Dartmouth Conference:
The Founding Fathers of Al

John MacCarthy Marvin Minsky Claude Shannon Ray Solomonoff Alan Newell

Herbert Simon Arthur Samuel Oliver Selfridge Nathaniel Rochester Trenchard More
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Machine Learning
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How Supervised Machine Learning Works
STEP| STEP 2

Provide the machine learning algorithm categorized or Feed the machine new, unlabeled information to see if it tags
“labeled” input and output data from to learn new data appropriately. If not, continue refining the algorithm

a— (00 NOT CATS"
MACHINE 4 [l MACHINE (%B B
. é é
TYPES OF PROBLEMS TO WHICH IT'S SUITED
+ CLASSIFICATION REGRESSION
+ % | conig dentifyi
orting items entifying real values
" ® % into categories (dollars, weight, etc.)

Source : boozallen.com



MNIST dataset

Modified + National Institute of Standards and Technology
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Neural Network



MZY 28 2lEetS (Deep Learning)

Multiple hidden layers
process hierarchical features
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Generative Adversarial Networks (GANSs)
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